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AHAJII3 YACOBUX PAAIB CYIITYTHUKOBUX JAHUX UL MOHITOPUHI'Y CTAHY
CUIBCBKOI'OCITOAAPCBKUX KVJIBTVYP

A.B. Kosaomiil, A.A. Kocmenko

VYkpaiHa € OHUM 13 NPOBITHUX I'PaBLiB Ha CLIbCHKOIOCHOAAPCHKOMY PHUHKY, BKJIIOUYEHA Ha
nporpamMu Crop Monitor iHimiatuBu 3 rinodanbHoro moHitopunry 3emiii GEOGLAM rpymu 3
nocmijpkeb 3emimi GEO. [l agekBaTHOT OIHKM CTaHy PO3BUTKY CUIBCBKOTOCIIOAAPCHKUX
KyJbTYp 3a HNOTOYHMN BereTrauidiHui nepion (3ahaya MOHITOPUHIY) MOTpiOHA OIIHKA YacOBOIO
psily MOKa3HUKIB CTYIIEHS PO3BUTKY Bererarii.

AHai3 4acoBUX PSAAIB CYIyTHUKOBHUX IMPOAYKTIB € BAaXJIMBUM JUIS PETPOCIIEKTUBHOI OI[IHKU
4acoBOTO psily, BUSBIECHHS TPEHAIB, aHOMAJIl pO3BUTKY Ta Mporuo3yBaHHA. [1if yac BUKOHaHHA
JOCTI)KeHHs OyB BUKOHAHHWM aHali3 4acOBUX PAJIB CYIMyTHHUKOBUX JAHUX 1 MPOIYKTIB PI3HOI
IPUPOJH, SKI BUKOPUCTOBYIOTHCS JJII MOHITOPUHIY CTaHy IIOCIBIB Ta BUXOJATh Ha PeEryJsipHIN
ocHoBi. 3okpema Oymu posrsayTi iHAekc NDVI (Normalized Difference Vegetation Index),
6io¢iznunnii mpoaykt LAI (Leaf Areas Index), FAPAR (Fraction of Absorbed Photosynthetically
Active Radiation), mpoayktu mnpoekty ECMWF (makcumanbHa, MiHIMQJIbHA Ta CEPEIHS
TeMIIepaTypu, COHsSYHA pajiaiis) i3 po3auibHOr0 31aTHiCTh 1-100 kM. biogi3uuHi mpoayktu €
IHTErpaJIbHUM JDKEPEJIoM 1HQOpMaILlil 11010 CTYIEHIO PO3BUTKY POCIMHHOCTI, SIKE JOOpE KOpEeIoe
13 TaKMM TMOKa3HUKOM €(EeKTHBHOCTI CUIbCHKOTO T'OCHOJAPCTBA, K BpoxaiiHicTh [1-3]. Takox B
po6oTi BukopucTtaHo Mereoposoriuni gani npoekty CHIRPS (Climate Hazards Group InfraRed
Precipitation) [4].

AHaJi3 BUKOHAHO 13 BUKOPUCTAHHSAM METO/IB, peaji3oBaHuX Ha 06a31 MPOrpaMHOro MPOIYKTY
SPIRITS [5] Ta i3 BukopucTtanHsaM xmapHoi minatdgopmu Google Earth Engine. 3a pesynbratamu
BUKOHAHUX OOYMCIIEHb MPOBEACHO MOPIBHUIBHUN aHAJIIB YaCOBUX PSIIB CYIyTHUKOBUX MPOJYKTIB
MeTozamu [6-12] Ta BpoxkaitHocTi 1yt TepuTopii KuiBcbkoi o0macTi.
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SATELITE DATA TIME SERIES ANALYSIS FOR CROP MONITORING
Andrii Kolotii , Andrii Kostenko

Ukraine is one of top producers in agriculture domain. Thus task of operational crop
monitoring is important both at regional and national scale. Anasysis of time series of different
nature satellite data is important for adequate crop state estimation, trend and anomalies detection.

Within this research analysis of time series of such satellite data products as NDVI-index,
biophysical products LAl and FAPAR, meteorological data from ECMWF project (min, max and
average temperature, precipitation, solar irradiation) and CHIRPS project were studied.

Activities on data systematization, analysis and processing were performed with use of JRC
SPIRITS software and Google cloud platform Earth Engine.



